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Decision on data quality for transfer
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Examples for Rules-based Data Quality Checks

• Member data compared to last reporting period

•

• Member’s Gender not the same as last reporting period

• Historic salary increase of a member is above the specified threshold.

• Member’s Gender takes unexpected values (not ‘M’ or ‘F’)
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Minimax strategy to detect anomalies
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Source:  Anomaly Transformer: Time Series Anomaly Detection with Association Discrepancy (Article)
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